
Randomization Studies and Comparison to
Observational Results

Charlie Gibbons
University of California, Berkeley

Economics 140

Summer 2011



Outline

1 LaLonde (1986)

2 Finklestein et al. (2011)



NSW program

National Supported Work (NSW) demonstration supported at
risk individuals who were out of work during 1974 or 1975. This
includes:

AFDC women (i.e., welfare recipients

Ex drug addicts

Ex criminal offenders

High school dropouts

Guaranteed job for 9–18 months in 1976–1977

Salary paid by the program



Need for a control group

Outcome: Income in 1978.

Need a control group—why?
Need to know what the treatment group’s income would be in
1978 if they did not participate.



Choice of control group

Best option: Control group created by randomization

Often not available; e.g., Manpower Development and Training
Act (MDTA), Comprehensive Employment and Training Act
(CETA), and the Job Training Partnership Act (JTPA).

Instead, use controls sampled from

Entire working population

Those not working in 1976

Those not working in 1975 or 1976

from the Current Population Survey (CPS) and Panel Study of
Income Dynamics (PSID).



Similarity of treatment and control groups

Treatment and control groups need to be similar. Most
important similarity: value of outcome (i.e., income)
pre-treatment.

LaLonde’s idea: Get unbiased estimate using randomized
control group and see if you can get same answer by

Selecting a control group from the entire population that
looks like treatment group and

Using different sophisticated causal inference techniques
(e.g., difference-in-differences.)

LaLonde, Robert J. 1986. “Evaluating the Econometric
Evaluations of Training Programs with Experimental Data.”
American Economic Review. 76(4): 604–620.











Lessons

Take-aways:

Even though the control group might seem like a good
guess for the treatment group, your answers may still be
significantly biased.

The treatment effect for women is overestimated,
suggesting that the female participants were “good”
workers.

The treatment effect for men is underestimated, suggesting
that the men that participated were hard employment
cases.



Medicaid

Medicaid in Oregon closed for new enrollment.

Opened up to 90,000 applicants; 10,000 selected by lottery.



Effects of insurance coverage

Impact of insurance on spending:

Positive: Expanded access

Negative: Early diagnosis, less use of emergency room

On health:

Positive: More care can make users healthier

Negative: More access to care can reduce incentive to stay
in good health (moral hazard)

Impact could be small if:

Medicaid is a “bad” plan

Poor already receive “coverage” via community health
groups



Setup of study

In the study:

90,000 applied

75,000 eligible

30,000 selected

10,000 participated

Finkelstein, Amy, Sarah Taubman, Bill Wright, Mira Bernstein,
Jonathan Gruber, Joseph P. Newhouse, Heidi Allen, Katherine
Baicker, and The Oregon Health Study Group. 2011. “The
Oregon Health Insurance Experiment: Evidence from the First
Year.” NBER working paper 17190.



Reduced form regression

Reduced form regression: Impact of winning lottery z1 on
outcome yi

yi = β0 + β1zi + β2xi + β3vi + εi

xi is a factor that increases your chance of winning the lottery
(needed for unbiasedness/exclusion restriction)
vi is another factor uncorrelated with winning used to reduce
the standard errors



IV

We are more interested in whether a person has insurance, Ti:

yi = β0 + β1Ti + β2xi + β3vi + εi.

We estimate this using instrumental variables (why?), with the
first stage

Ti = α0 + α1zi + α2xi + α3vi + ηi.
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